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Research Questions:
® Do tropical cyclones influence economic growth?
® Does frequency of exposure matter?
® Are cyclone-prone areas better adapted to cyclone exposure?

® Do mangrove forests insulate economic growth from exposure?



Datasets
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® 381 countries - 7,296 lowest administrative units (LLAs) globally
® 791 historical cyclone paths (85-12)

® LandScan population data (00-12)

e NOAA nighttime lights (00-12)

e World Bank Development Indicators (00-12)

® Global high resolution mangrove forest cover (00-12)



Predicting LLA-level economic growth

Top 10 mangrove-holding countries
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Top 10 mangrove-holding countries
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Predicting LLA-level economic growth

Country calibration:

Village-level
population weighting
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Village prediction:

AGDPPe; o = dio + A1 (ALie) 4 Fe + O¢ + et

AGDP?YCt = Change in GDP per capita
AlL; ¢+ = Change in nightime lights

i = village

c = country

t = year

aq = lights to growth calibration parameter

~e, ¢+ = year and country aggregation restrictions



Methods:

Autoregressive distributed lag (ADL) model (n = 4)
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Results: Do tropical cyclones influence economic growth?

Cumulative effect on GDP per capita growth (%)

Years since storm

Panel from 2000-2012, 7,298 LLAs, AR(4).
50km exposure buffer.
Standard errors clustered at hurricane basin level.

Year, province & country-year fixed effects.

Sample includes only those LLAs within 50km of coastline.



Results: Does frequency of exposure matter?

LLASs with single exposure
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Panel from 2000-2012, 7,298 LLAs, AR(4).
50km exposure buffer.

Standard errors clustered at hurricane basin level.
Year, province & country-year fixed effects.

Sample includes only those LLAs within 50km of coastline.



Result: Are cyclone-prone areas better
adapted to cyclone exposure?
LLAs with top 50%

cyclone incidences
(1985-1999)
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Result: Are cyclone-prone areas better

adapted to cyclone exposure?

LLAs with bottom 50% cyclone incidences
(1985-1999)
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Result: Do mangrove forests insulate

economic growth from cyclone exposure?
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